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Human Metabolome Database
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Standard substance free quantitation
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Modelling
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First generation models
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N =63
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Transferability between instruments

11 setups
5
ESI
MS w 4
Y
o
3
e Order of IEs independent of the instrument
* R2=0.60...0.98 2 ' Setup A Setup B Setup C Setup D
10 5
. —
3 ’ EE
E% 1 p i(ni 3
5 o "
;80 £ “ Concehtratlon mismatch %0 ) y = 0.80x + 0.72
S ® o < 2.5 times O R2 = 0.94
0 1
0 1 10 1 2 3 4 5
Cactual(HM) log IE (Thermo)

Liigand et al J. Am. Soc. Mass Spectrom 26 (2015) 7



Jaanus Liigand

Transferability ‘
between solvents
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Could this also work in biological

matrices?
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Prediction of logl/E in bio-matrices

log IE = coefwaps - WAPS + coef, - a + intercept
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Liigand et al Anal. Chim. Acta 1032 (2018)
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Standard substance free quantitation
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Second generation prediction
models - measurements
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Second generation prediction
models - measurements
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Second generation prediction
models — model development
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ESI+ model
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Achieved milestones|| Outlook

Approach works!
* ESI+ and ESI-

e different setups

* User-friendly software
* automation
LC, adducts

» different mobile phases * More matrices

* biological matrices

e only 2D structures

Self-improving

e community contributions

>3 common compounds

MS? signal

t; > eluent composition

2D structure of compound

How can you use it?

|E
orediction Concentration
model estimate

Vi Y/
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Thank you!
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