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Research questions
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How to pinpoint high risk chemicals?

How to acquire high quality spectra for high risk chemicals?



      
   

Assessing the risk of a detected chemical
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Assessing the risk of a detected chemical

How much of this chemical is present in the environment?

How much of this chemical would start to cause adverse outcomes? 
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Data aqcuisition approaches
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Comparison of methods - standards
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Comparison of methods - wastewater
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Preliminary conclusions and future prospects

• Chemicals triggered by different approaches cover similar range of priority scores

• Acquisition methods are complementary

• Confirmation of detected chemicals
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