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Machine Translated by Google

BioCell

ANALYTICA

Table 1. The following BEQ values were measured in the current samples:

detected
INn the environme

Nrf2 activity

AntiyAR activity

AR activity

ER activity

AhR activity

ug/L
(tBHQ equivalents)

ng/L
(OHF equivalents)

ng/L
(DHT equivalents)

pg/L
(E2 equivalents)

ng/L
(TCDD equivalents)

Reference to sample 1

<LOD

<LOD

<LOD

<LOD

<LOD

Sample 1

<LOD

<LOD

79300

784

0.0814

Reference to sample 2

211

73.6

<LOD

<LOD

Sample 2

992

2670

<LOD*

<LOD*

Detection limit

8.34

43.8

0.122

0.0196

detection limit*

6.93

0.156

Table 2. Genotoxicity.

Genotoxic?

Reference to sample 1

No

Sample 1

No

Reference to sample 2

No

Sample 2

Could not be determined*

*Due to extensive cytotoxicity, despite repeated analyses, it could not be determined whether sample 2 was genotoxic or not. The sample was tested down

to the concentration REF 12.5, but even then was too cytotoxic to be able to determine if it was genotoxic.

BioCell Analytica Uppsala AB biocellanalytica.se

Ulls vag 29C, 756 51 Uppsala kontakt@biocellanalytica.se
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Known structure
Known toxicity

toxicity
assessment

vast majority of detected
chemicals remain unknown
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endpoints

ENDOCRINE DISRUPTION
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Machine Translated by Google

BioCell

ANALYTICA

Table 1. The following BEQ values were measured in the current samples:

detected
INn the environme

Nrf2 activity

AntiyAR activity

AR activity

ER activity

AhR activity

ug/L
(tBHQ equivalents)

ng/L
(OHF equivalents)

ng/L
(DHT equivalents)

pg/L
(E2 equivalents)

ng/L
(TCDD equivalents)

Reference to sample 1

<LOD

<LOD

<LOD

<LOD

<LOD

Sample 1

<LOD

<LOD

79300

784

0.0814

Reference to sample 2

211

73.6

<LOD

<LOD

Sample 2

992

2670

<LOD*

<LOD*

Detection limit

8.34

43.8

0.122

0.0196

detection limit*

6.93

0.156

Table 2. Genotoxicity.

Genotoxic?

Reference to sample 1

No

Sample 1

No

Reference to sample 2

No

Sample 2

Could not be determined*

*Due to extensive cytotoxicity, despite repeated analyses, it could not be determined whether sample 2 was genotoxic or not. The sample was tested down

to the concentration REF 12.5, but even then was too cytotoxic to be able to determine if it was genotoxic.

BioCell Analytica Uppsala AB biocellanalytica.se

Ulls vag 29C, 756 51 Uppsala kontakt@biocellanalytica.se
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